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cMOOC Study 1

1. Language and
social capital

Narrativity

Deep cohesion

2. Social media affordances?



xMOOC Study
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cMOOQOC Study 2

- Automated content analysis
- Social network analysis

Quantitative

‘Emerging groups of concepts

‘Topic evolution
‘In—depth insight

..

ANALYSIS

Qualitative
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cMOOC Study 1 - Method
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xMOOC Study - Method

Degree centrality
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cMOOC 1 and xMOOQOC Study Results

Negative (significant)

Social Centrality/Social Capital

cMOOC

xMOOC (all learners)

XxMOOC (active learners)

Performance

xMOOC (all learners)

XxMOOC (active learners)
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Positive (significant)
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cMOOC Contextual factors

» Media
» Twitter vs. Facebook vs. Blogs » Activity
Differ in their affordances » More active -> more likely to grow
» Time influence

» Negative association?
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cMOOC 1 and xMOOC Study Findings

Contextual, as well as linguistic and discourse features of written
artefacts, are important determinants of learning in a MOOC
environment.

cMOOC:

— The language and discourse used by learners’ with more social capital
has a more conversational style

xMOOC:

— Better performance — more expository style discourse

— Higher centrality — more narrative style, with less overlap between
words and ideas



Further work

* Explore the dynamics of the network interactions

* Rely on statistical (instead of mathematical) models
— Reveal underlying social processes
— Effect of homophily

* Learner properties

— Learners with the same/similar characteristics tend to collaborate
more often?



cMOOC Study 2 - Method

Semantic annotation of learners’ posts and recommended
readings

— TagMe

— AlchemyAPI

Creation of concept co-occurrence graphs
— 36 undirected weighted graphs

Clustering of concepts into topics
— Structure and cohesiveness

Similarity of learner generated posts and recommended
readings



cMOOC Study 2 - Findings
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Further work

* Topic modeling

— Improve the algorithm

* Improve filtering
* Mixed Membership Stochastic Blockmodels (MMSB)

* Social component
— Implement State Transition Topic Models
— Transition over communities
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